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1 Introduction

It has long been observed that local-name usage, as a form of cultural assimilation', helps
immigrants in the labor market of the host society (e.g., Arai and Thoursie, 2009). One
of the possible mechanisms behind this name effect, for example, is that local-name us-
age is an effective way to avoid labor market discrimination (Bertrand and Mullainathan,
2004; Oreopoulos, 2011; Rubinstein and Brenner, 2014). The effect of local-name usage,
however, might be heterogeneous across immigrants due to huge disparities in individual
characteristics (e.g., Cortes, 2004). In particular, foreign advanced degree holders might
get little benefit from local-name usage because most of them self select into occupations
without discrimination.

That said, as an indicator of cultural assimilation, local-name usage might still be as-
sociated with some types of career outcomes. One type of such an outcome is the choice
of the destination city for employment. More specifically, we may argue that individual
local-name usage is related to some city characteristics®. In this paper, I use online social
networking data from Renren® and LinkedIn to examine an empirical question: all else
being equal, for a highly educated immigrant, is English-name usage causally related to
characteristics of the destination city?

The relationship between cultural assimilation and immigrants’ social outcomes is not
a new topic, yet it is a fairly novel way to focus on the effect of names. Most prior eco-
nomic and sociological research measures cultural assimilation by language attainment
(e.g., Bleakley and Chin, 2004, 2008, 2010; Waters and Jiménez, 2005) or educational at-

tainment (Gang and Zimmerman, 2000; Riphahn, 2003; Chiswick and DebBurman, 2004).

!'Sociologists label cultural assimilation as the first stage of immigrants’ assimilation (Gordon, 1964), and
local-name adoption and usage are widely used to quantify and measure cultural assimilation (e.g., Shifman
and Katz, 2005; Abramitzky et al., 2014).

’Imagine a hypothetical example of an Asian advanced degree holder with a limited level of assimilation:
if he has two job offers, one in Chicago and one in Los Angeles, then all else being equal, he might prefer the
job in Los Angeles because the percentage of Asian population is higher in Los Angeles.

3Founded in 2005, Renren is a Facebook-type provider of online social networking services based in
China. Renren serves as a good substitute of Facebook, which is blocked in China.



While these are certainly not wrong directions to study cultural assimilation, we are un-
likely to draw any conclusions on the effect of cultural assimilation on advanced degree
holders from these two perspectives, because language and educational attainment among
these immigrants are highly homogeneous. On the other hand, there does exist some vari-
ation in English-name usage among highly educated immigrants, and such variation might
further lead to disparities in career outcomes.

Understanding the role of English-name usage (or more broadly cultural assimilation)
in choosing destination cities also has important policy implications. From the perspective
of urban labor economics, cultural diversity is positively related to wages and other employ-
ment outcomes of native workers, as well as productivity (Ottaviano and Peri, 2005, 2006;
Peri, 2012; Bakens et al. 2013)*, and thus how cities attract highly educated immigrants is
a key issue for making urban labor market policies. From the perspective of high-skilled
immigration, foreign advanced degree holders promote research and development in the
U.S. both in history (e.g., Moser et al., 2014) and in recent years (e.g., Borjas and Doran,
2012). Thus it would be helpful to understand these highly educated immigrants’ social
lives for public policy makers.

However, it is methodologically difficult to estimate the effect of English-name us-
age on career outcomes, similar to any research on the causal effect of cultural behaviors
(Bowles, 1998; Polavieja, 2015). First, English-name usage can be correlated with unob-
servable variables that also affect career outcomes, such as attitudes. Second, identifying
English names on social networking sites faces measurement error: a user is allowed to add
any English word in his profile, and non-name English words might be incorrectly iden-
tified as names (of course, the reversal cases are also possible). The last issue is reversal
causality. For example, an immigrant working in a city with a low level of cultural/ethnic
diversity (e.g., the percentage of majority population is high) might feel more comfortable

to use an English name along with his original name.

“More broadly, researchers find regional-level ethnic diversity is positively correlated with economic out-
comes. For example, cultural diversity improves plant-level productivity (Trax et al., 2015)



This paper relies on a natural experiment to examine the causal role of English-name
usage in choosing destination cities: all else being equal, an individual is more likely to
use an English name (and further show this name online) if his Chinese name is difficult
to be pronounced by native speakers of English. The “pronunciation difficulty” can be
identified based on linguistic research on the difference between the phonological system of
Chinese and English. This natural experiment design leads to the instrumental variable (IV)
strategy that tackles the endogeneity problem of English-name usage. On one hand, using
the English name along with the original Chinese name is a good way to avoid discomfort
for migrants with “difficult-to-pronounce” names. On the other hand, naming decisions
among these migrants in the sample were made more than two decades ago, when China
was still a relatively insular country and parents were unlikely to consider the pronunciation
difficulty of foreigners. Intuitively, these make the pronunciation difficulty indicator as an
arguably valid IV for English-name usage, and in the latter section I will discuss the validity
of this IV in detail.

Employing this strategy, I find that English-name usage affects some but not all location-
related career outcomes: controlling for demographic and educational characteristics, a
Chinese advanced degree holder in the U.S. with English-name usage shown online is more
likely to stay in the U.S. to work. Conditional on staying in the U.S. for employment, an
individual with English-name usage is more likely to choose the destination city where the
population density is higher and the level of connection with China (measured by, e.g., the
number of direct flights to China per day) is lower. However, English-name usage appears
to be unrelated to the local racial makeup (and in particular, the percentage of Asian and
Chinese population) and the rate of college or graduate school attainment.

The rest of the paper is organized as follows. Section 2 introduces the background of
the paper. Section 3 introduces data and methods used in this paper. Section 4 reports the

findings. Section 5 concludes the paper.



2 Background

In this section, I will discuss the background the paper. I first briefly review prior research
on the role of local-name usage in determining immigrants’ social and economic outcomes.
I then focus specifically on Chinese highly educated immigrants and discuss the possible

determinants of English-name usage.

2.1 Local-Name Usage and Social and Economic Outcomes

Why do immigrants adopt and use local names? Communication scholars and social lin-
guisticians tend to believe that local-name usage is closely related to identity transitions
among minorities and immigrants (e.g., Larkey et al., 1993). Indeed, local-name usage is
considered to be a reliable predictor of identity assimilation, especially among Asian immi-
grants (Nicoll et al., 1986). Moreover, the choices of converting (or maintaining) identities
by name usage are intergenerational: first-generation parents transmit attitudes toward (or
behaviors related to) ethnic and cultural identity to their children through naming decisions
(e.g., Gerhards and Hans, 2009; Abramitzky et al., 2014).

Name usage does not only lead to cultural outcomes, and there is probably a socioeco-
nomic mechanism behind name-usage behaviors. Fryer and Levitt (2004) find that names
provide a strong indicator of socioeconomic status among African Americans born in the
1960s and 1970s, and of course, names can also be used to examine intergenerational mo-
bility (Olivetti and Paserman, 2013). In fact, similar to name-usage, one crucial purpose
for immigrants to “convert” their ethnic or cultural identities is to achieve better socioeco-
nomic outcomes (e.g., Battu and Zenou, 2010; Bisin et al., 2011), although it is still debat-
able whether an immigrant will really benefit from changing the identity (Portes and Zhou,
1993; Dustmann, 1996; Casey and Dustmann, 2010), or more specifically, changing the
first name (Fryer and Levitt, 2004). One can certainly argue that (a) such a socio-economic

motivation behind name-usage behaviors might not be applicable for highly educated mi-



grants, and (b) there are non-socioeconomic reasons behind local-name usage/non-usage
(e.g., Zhou, 1997; Battu et al., 2007).

A fundamental question is: if local-name usage does have a significant effect, what are
the possible mechanisms? Many economic studies point out that a major role of local-name
usage is the “tool” for avoiding discrimination. Labor market discrimination toward ethnic-
sounding names has been found in both the non-experimental (e.g., Kaas and Manger,
2012) and experimental setting (e.g., Carlsson and Rooth, 2007; Nordin and Rooth, 2009;
Booth, Leigh, and Varganova, 2012) in Europe and the U.S., and unsurprisingly, such
discrimination exists in other markets as well, such as the housing market (Ahmed and
Hammarstedt, 2008; Baldini and Federeci, 2011; Drydakis, 2011) and the used-car market
(Zussman, 2013). The above papers mainly focus on the negative effect of ethnic-sounding
family names, but discrimination based on given names also exists (e.g., Bertrand and Mul-
lainathan, 2004; Jacquemet and Yennalis, 2012; Hanson and Santas, 2014). Using majority
names, in contrast, helps immigrants achieve better employment outcomes in the labor
market (Arai and Thoursie, 2009; Oreopoulos, 2011).

On the other hand, as an indicator of cultural assimilation, local-name usage might also
affect immigrants’ outcomes through its correlation with other assimilation behaviors. This
is especially useful for understanding the effect of English-name usage on highly educated
immigrants because given their human capital characteristics as well as self-selection into
occupations with the strict equal opportunity policy, it is probably less convincing that they
use English names to avoid discrimination. Considering English-name usage as one step of
assimilation (which leads to further assimilation outcomes) is new to research on name, but
has actually been previously studied by other economic analyses on cultural assimilation.
For example, Bleakley and Chin (2010) use census data and show that there is a transitional
pattern from English proficiency (an earlier stage of assimilation) to intermarriage and
decreasing fertility (later stages of assimilation) among immigrants in the U.S. Guven and

Islam (2015) employ their econometric methods and repeat the exercise using Australian



data. This pattern might also exist in the context of this paper: choices of destination cities

might be made based on assimilation factors, but not labor market characteristics.

2.2 English-Name Usage among Chinese Advanced Degree Holders

I now turn to focus specifically on English-name usage among Chinese advanced degree
holders in the U.S. Adopting the English name is common among students receiving post-
secondary education in China, as it is a useful tool for language pedagogy (Edwards, 2006;
Gao et al., 2005). However, students are surely not required to use English names outside
of class. In the context of migrants in the U.S., sociologists point out that the propensity of
using the English name increases if an immigrant is more exposed to the U.S. culture (Sue
and Telles, 2007), and the age at arrival has the significant impact on the exposure to the
U.S. culture (Rogler et al., 1980; Feliciano, 2001; Myers et al., 2009; Bleakley and Chin,
2010), and furthermore, usage of the English name.

The age at arrival in my sample is fairly homogeneous: the sample consists of individ-
uals receiving undergraduate education in China and graduate education in the U.S., which
means that most of them were around 22 years old upon arrival — a fairly old age for the
time of arrival. This actually creates some variation in English-name usage: childhood
immigrants are very likely to use English names, while the age at arrival might no longer
plays the vital role in determining English-name usage for immigrants who are adults upon
arrival. It is, however, still useful to control for the year since arrival.

Besides other demographic variables (such as age® and gender), educational charac-
teristics are also likely to be correlated with English-name usage. One can imagine that
cultural environments (e.g., if measured by the racial makeup) in U.S. graduate schools
influence Chinese students’ decisions of English-name usage, but pre-immigration educa-

tional characteristics can also affect immigrants’ cultural behaviors or socioeconomic out-

Note that age and year since arrival might be highly collinear (because all individuals in the sample arrive
in the U.S. right after receiving bachelor’s degrees), and thus I only need to include one of these variables.



comes in the host country (e.g., Chiswick and DebBurman, 2004; Xie and Gough, 2011;
Polavieja, 2015). In this context, the college quality might have an effect on students’
English-name usage. For example, Chinese colleges with higher quality can offer better
English courses and more international academic activities (e.g., exchange programs, sem-
inars that invite non-Chinese speakers). It is useful to control for characteristics of both
Chinese colleges and U.S. graduate schools that individuals attend.

Finally, there is another variable that determine local-name usage, but has long been
neglected by scholars: the linguistic factor. An immigrant is more likely to adopt and use
a local-sounding name if his original name causes discomfort and embarrassment. In this
context, the pinyin system Romanizes Chinese characters using the Latin alphabet, but it
cannot always precisely reflect the pronunciation rule of Chinese (e.g., Bassetti, 2007).
Hence, non-Chinese speakers might find it difficult to pronounce some Chinese names
that contain these characters. I will introduce three major types of difficult-to-pronounce
Chinese characters in the first appendix.

The “pronunciation difficulty” of the Chinese name might be an important reason be-
hind English-name usage. On the other hand, this linguistic feature does not reflect indi-
vidual social or economic characteristics. For individuals in the sample, naming decisions
were made more than two decades ago — when China was still a relatively insular coun-
try — and parents were unlikely to consider much about the pronunciation difficulty with
respect to foreigners. My identification strategy is based on these two properties. I will

discuss this strategy in the next section.

3 Data and Methods

3.1 Data

In this section, I first introduce data used for the statistical analysis in this paper. The

data set is a representative sample set of students receiving undergraduate education in



China and graduate education in the U.S. This sample is retrieved from Renren.com, a
Facebook-type online social networking site based in China. I do not use Facebook due
to data availability and, more importantly, the restriction of using Facebook in China. In
other words, Renren serves as Facebook’s substitute for students in China and is thus more
widely used among Chinese students.

Researchers (and even casual observers) using Renren data are able to acquire individ-
ual demographic (e.g., age and gender) and educational (e.g., colleges and graduate schools
attended, undergraduate and graduate majors) characteristics. Most Renren users, however,
do not provide their job information. To study individuals’ labor market activities, I fur-
ther link Renren accounts with the LinkedIn accounts to construct a data set containing
demographic, educational, and labor market variables.

Of course, this means that my empirical findings must be interpreted with caution be-
cause the sample only consists of individuals who self-select to use both websites. More
importantly, while this sample is a representative sample of the Renren database, I am not
able to guarantee that the result can be generalized to the entire population of Chinese
advanced degree holders in the U.S. I, however, compare age, gender, and school major
characteristics between this sample and ACS. I will present the comparison in the second
appendix of this paper.

Renren and LinkedIn only allow “real” users to register accounts®. However, there is
still some flexibility in presenting personal information on both social networking websites.
In particular, users from non-English-speaking countries, such as China, are allowed to
show their English names online’. Based on this, I can create a dummy variable indicating
online English-name usage.

Table 1 presents the summary statistics of independent variables and the instrumental

variable. I only present eight most representative variables among all regressors, including

®In particular, recent Renren users even must provide phone numbers and/or national identification num-
bers to create their accounts.

"The most common pattern of presenting the name is that the English name, written in the parenthesis, is
placed between the first and last name. An example of this pattern is: “Chuang (George) Wang”.



demographic and educational background variables. Although not reported here, I will also
control for online social networking variables (e.g., the number of friends/connections).
Panel A shows that in the sample, 13.3% of all individuals show their English names online.
48.9% of the sample is male, and the average year since arrival in the U.S. is 4.684.

Table 1: Summary Statistics: Regressors and IV

Mean Std. dev.

A. Selected Regressorsj:

English-name usage 0.133 (0.340)
Male 0.489 (0.500)
Year since arrival 4.684 (1.826)
Tier 1 Chinese college dummy 0.205 (0.403)
Tier 2 Chinese college dummy 0.270 (0.444)
Tier 1 US school dummy 0.140 (0.347)
Tier 2 US school dummy 0.497 (0.500)
International students % 0.131 (0.067)
B. Instrumental Variable:

Pronunciation difficulty 0.422 (0.494)

I: only most representative regressors are shown. N = 7, 287.

The rest of the Panel A focuses on colleges and graduate schools. While a direct way to
control for school characteristics is to use school fixed effects, and some regression models
in the latter empirical analysis do use school fixed effects, an alternative approach to control
for schools from the perspective of school quality is to split schools into different tiers by
rankings. Based on this idea, I construct three tiers for both Chinese colleges and U.S.
graduate schools based on school rankings. In the third appendix I will introduce criteria
of constructing school tiers, and here I only present the distribution of tiers among schools.
20.5% of individuals receive bachelor’s degrees from nine top-tier Chinese colleges, and
27% of individuals graduated from tier 2 colleges. After arrival, 14% of Chinese students
in the sample attend top-tier U.S. graduate schools, and almost half of all students enter tier
2 schools. Among U.S. graduate schools attended by individuals in the sample, the average
percentage of international students is 13.1%, and I can also control for the demographics
at the school level (e.g., population, racial composition). Finally, I should note that there is

another set of education covariates: school majors. The summary statistics are not shown
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here, but I will include school major fixed effects in regression models.

In Table 2 I turn to discuss eighteen dependent variables, categorized into five groups.
In Panel A T first describe individual choices of countries for employment. 66.4% of all
individuals stay in the U.S. to work, and slightly more people have their first jobs in the U.S.
(and some of them leave the U.S. afterwards). 4.3% of the sample has the first job in neither
the U.S. nor Mainland China. While not reported here, major destination countries/regions
include Hong Kong and Canada.

In Panel B and C I report city-level demographic characteristics. Following standard
approaches I use log population and density in the analysis; the average log city population
is 12.137, and the average log population density is 8.466. 73.2% of all individuals in
the sample work in ten most populous combined statistical areas (composed of adjacent
Metropolitan and Micropolitan Statistical Areas) in the U.S. As for the racial makeup, |
will investigate the relationship between English-name usage and city-level percentages of
populations of several major races. The average share of the Asian population is 9.1%, and
the share of the Chinese population is 4.4% — both are higher than that in the whole U.S.
In contrast, the average share of the White population, 53.8%, is substantially lower than
that in the whole U.S. Obviously, the geographic distribution of advanced degree holders
from China differs from the geographic distribution of the general U.S. population.

In Panel D I present educational attainment characteristics of cities. On average, there
are 86.2% of the population holding high school degrees or higher, 35.6% holding bache-
lor’s degrees or higher, and only 14.4% holding at least graduate or professional degrees.
Finally I examine how the city is connected to China, measured by four variables. The
average number of direct flights to China per day — including flights to Beijing, Shanghai,
Guangzhou, Wuhan, and Chengdu, but not including Hong Kong and Taipei — is 0.135,
and 6.6% of all individuals in the sample work in cities with an embassy or consulate gen-
eral of China. 38.7% of all individuals work in places having one or more Chinatowns, and

finally, the average time zone difference from China is 13.887 hours (daylight saving time).
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Table 2: Summary Statistics: Dependent Variables

Mean  Std. dev.
A. Country for Employment:
Staying in the U.S. 0.664  (0.488)
First job in the U.S. 0.702  (0.465)
First job not in the U.S. and China  0.043  (0.106)
B. Population and Density:
(Log) city population 12.137  (1.330)
(Log) population density 8.466  (0.724)
In top 10 stat. areas by population ~ 0.732  (0.208)
C. Racial Composition:
Asian population % 0.091  (0.070)
Chinese population % 0.044  (0.056)
White population % 0.538  (0.14)
African American population % 0.128  (0.082)
Hispanic/Latino population % 0.160  (0.086)
D. Educational Attainment:
Graduate or professional degree %  0.144  (0.119)
Bachelor’s or higher % 0.356  (0.194)
High school graduate or higher %  0.862  (0.166)
E. Connection with China:
Number of direct flights to China ~ 0.135  (0.469)
Consulate/embassy 0.066  (0.344)
Chinatown 0.387  (0.424)
Time zone difference from China ~ 13.887  (1.635)

N =7, 28T.

3.2 Empirical Strategies

can be established as follows:

I first start with the traditional Ordinary Least Squares (OLS) estimation. Let C; be one of

the location characteristics presented in Table 2 for individual 7, then the OLS specification

12

where F; indicates English-name usage, and € is the “effect” of using the English name
for 7. D; is the vector of individual demographic characteristics, S; is the vector of school
characteristics, such as school tier fixed effects, the demographics at the school level, or

simply college and graduate school fixed effects. M; is the vector of school majors fixed



effects, and ¢; is the error term. Non-linear models for regressions where C; is dichotomous
or ordinal can be similarly established.

E; is possibly endogenous because (a) £; might be correlated with both E; and Cj; (b)
C; might reversely affect £;; and (c) the identification of F; might be inaccurate. In theory,
the issue of endogeneity can be solved if E; is randomly “assigned” to individuals in the
sample, which is obviously inapplicable in this case. Instead, in this paper I exploit a natural
experiment on English-name usage: denote PD; = 1 if ¢’s original Chinese name contains
characters that are considered to be difficult to pronounce (and PD; = 0 if otherwise), and

PD; serves as the IV for £;. This leads to the first-stage regression as follows:

Ei=a1+7PD;+Dif1 +Sim1 + Moy + ¢ 2)

I now discuss the validity of the IV from two perspectives. First, why the difficulty of
pronouncing the Chinese name might be a robust predictor of £;? An intuitive answer is
that an individual with a difficult-to-pronounce Chinese name will experience discomfort
and embarrassment caused by mispronunciations by native speakers of English. A simple
strategy to tackle this problem is to use an English name. In Table 3, I regress English-name
usage indicator on the dummy variable indicating the pronunciation difficulty.

Table 3: First-Stage Regressions

English-name usage
@ @) 3) “
Pronunciation difficulty ~ 0.125%**  (0.122%**  (.123%**  (.120%%*
(0.008) (0.008) (0.008) (0.008)

School tier FE No No Yes No
School FE No No No Yes
Full set of controls No Yes Yes Yes
R? 0.033 0.064 0.069 0.167
Observations 7,287 7,287 7,287 7,287

Standard errors are in parentheses. *: p < .1; ¥*: p < .05; ***: p < .01.

Table 3 presents the first-stage relationship, in which whether the Chinese name is dif-

ficult to pronounce predicts English-name usage. In all regressions I find strong correlation
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between the pronunciation difficulty and individual’s choice of using the English name
online. Of course some migrants with difficult-to-pronounce names do not use English
names, possibly because (a) they still prefer to use their original names only, or (b) they do
not think mispronunciation is an issue. As a result, what the IV model estimates is the local
average treatment effect (Imbens and Angrist, 1994; Imbens, 2010).

I now move to another requirement for a valid I'V. I have argued earlier that the only
way that the pronunciation difficulty is related to city characteristics should be through
its effect on English-name usage. This is because that naming decisions were made more
than two decades ago, when China was still an insular country and parents were unlikely
to consider whether their child’s name might be difficult to be pronounced by foreigners
or not. In other words, children with difficult-to-pronounce names should not have any
other special individual characteristics. To see this argument clearly, in Table 4 I present
the difference in individual characteristics between migrants who have and do not have
difficult-to-pronounce Chinese names.

Table 4: Checking on Systematic Differences: The Full Sample

w/o difficult-to- w/ difficult-to-  p-value
pronounce names —pronounce names

Male 0.486(0.500) 0.493(0.500) n.s.
Year since arrival 4.732(1.822) 4.619(1.828) *ox
Category 1 Chinese college dummy 0.203(0.402) 0.207(0.405) n.s.
Category 2 Chinese college dummy 0.271(0.445) 0.269(0.443) n.s.
Category 1 US school dummy 0.138(0.344) 0.144(0.351) n.s.
Category 2 US school dummy 0.498(0.500) 0.495(0.500) n.s.
International students % 0.129(0.066) 0.131(0.069) n.s.
Observations 4,210 3,077

Unpaired ¢ tests are employed.
No significant difference in social networking and school-level demographic variables.
Standard deviations are in parentheses. n.s.: p > .05; *: p < .1; **: p < .05; #**: p < .01.

In Table 4 I only present the comparison of eight representative individual demographic
and school variables. I find almost no significant difference in most of these covariates; the
only exception is year since arrival: individuals with difficult-to-pronounce Chinese names

appear to arrive in the U.S. slightly earlier, but still, the difference is subtle. Students with
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difficult-to-pronounce names are neither more or less likely to attend better colleges and
graduate schools, and the percentage of international students is not related to the pronun-
ciation difficulty indicator. While not reported here, I also find no systematic difference
in online social networking variables (e.g., the number of friends) and other school-level
demographic characteristics (e.g., the racial makeup in the local area). Table 4 implies that
difficult-to-pronounce Chinese names are almost randomly “assigned” in the sample, and
the pronunciation difficulty should influence the choice of the destination city for employ-

ment only through its impact on English-name usage.

4 Results

In this section I report the findings of this paper. 1 first present main results, and then

conduct several additional tests to check the robustness of the results.

4.1 Main Results

I start this section by Table 5, in which I investigate the relationship between English-name
usage and the destination region for employment at the country level. In the first row, I
examine whether English-name usage is correlated with the likelihood of staying in the
U.S. to work. While the OLS model shows no significant effect of English-name usage on
the choice of the country for employment, the OLS estimate might be downward biased; on
the other hand, the IV model implies that all else being equal, an individual with English-
name usage are more likely to stay in the U.S. to work. The similar pattern is observed in
the second row: IV models again indicate that an individual with English-name usage is
more likely to have his first job in the U.S. In the last row of this table I focus on Chinese
students whose first jobs are neither in the U.S. nor in Mainland China (e.g., in Canada or
Hong Kong). However, English-name usage appears to be uncorrelated with the choice of

working in non-US/China regions.
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Table 5: Country for Employment

Coefficient of English-name usage

OLS Two-stage-least-squares
1. Staying in the U.S. 0.043  0.196* 0.202* 0.208%*
(0.035) (0.101) (0.104) (0.102)
2. First job in the U.S. 0.046  0.193* 0.197*  0.201*

(0.036) (0.100) (0.102) (0.103)
3. First job not in US/China  —0.047  0.022  0.034  0.037
(0.062) (0.028) (0.029) (0.027)

School tier FE Yes No Yes No
School FE No No No Yes
Full set of controls Yes No Yes Yes
Observations 5,998 5,998 5,998 5,998

Standard errors are in parentheses. *: p < .1; **: p < .05; ***: p < .01.

Starting from Table 6, I turn to analyze the correlation between English-name usage
and characteristics of destination U.S. cities for employment. Table 6 focuses on three
types of cities’ population and density characteristics. Again, OLS estimates appear to be
downward biased, and IV models show that conditional on staying in the U.S., Chinese
advanced degree holders with English-name usage are more likely to work in cities with
higher population densities. Moreover, individuals with English-name usage have higher
chances of working in top 10 most populous combined statistical areas in the U.S. That
said, both the OLS and IV models find no significant relationship between English-name
usage and the city population.

In Table 7 1 examine whether migrants with English-name usage are more likely to
work in cities with specific ethnic concentrations. Intuitively, less assimilated migrants
might be more likely to stay in ethnic enclaves, hence English-name usage is likely to be
correlated with the city-level racial makeup, although prior empirical findings show that
this hypothesis is only true for some, but not all, immigrants (Bleakley and Chin, 2010).
In Table 7, indeed, I find no clear relationship between English-name usage and the racial
makeup: Chinese advanced degree holders with English-name usage are actually not less
likely to work in cities with higher percentages of the Asian or Chinese population. I further

examine the percentage of the White population — the Asian (as well as Chinese) popula-
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Table 6: Population and Density

Coefficient of English-name usage

OLS Two-stage-least-squares
1. Log city population 0.093 0.156 0.153 0.165
(0.085) (0.204) (0.202) (0.211)
2. Log population density 0.079%**  0.322%**  (0.334%**  (.353%**
(0.025) (0.140) (0.143) (0.147)

3. In top 10 areas by population 0.098 0.162%*%  0.163** 0.171*
(0.076) (0.074) (0.078) (0.088)

School tier FE Yes No Yes No
School FE No No No Yes
Full set of controls Yes No Yes Yes
Observations 3,983 3,983 3,983 3,983

Standard errors are in parentheses. *: p < .1; **: p < .05; ***: p < .01.

tion has the lowest index of dissimilarity with the White population, compared with other
races in the U.S. However, I again find no evidence that English-name usage is correlated
with the share of the White population in the city. Similarly, I find no significant relation-
ship between English-name usage and the percentage of either the African American or

Hispanic/Latino population.

Table 7: Racial Composition

Coefficient of English-name usage

OLS Two-stage-least-squares
1. Asian population % —-0.000 —-0.018 —-0.023 —-0.025
(0.002) (0.096) (0.101) (0.098)
2. Chinese population % 0.006 —0.044 —0.053 —0.056
(0.013) (0.067) (0.056) (0.056)
3. White population % 0.008 —0.028 0.031 0.033

(0.006) (0.032) (0.029) (0.030)
4. African American population %  0.006 0.013 0.019 0.021

(0.005) (0.021) (0.024) (0.022)
5. Hispanic/Latino population % 0.004 0.011 0.013 0.014

(0.007) (0.009) (0.011) (0.011)

School tier FE Yes No Yes No
School FE No No No Yes
Full set of controls Yes No Yes Yes
Observations 3,983 3,983 3,983 3,983

Standard errors are in parentheses. *: p < .1; *¥*: p < .05; ***: p < .01.

Does migrants with English-name usage tend to work in “smarter” cities? In Table
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8 I turn to analyze whether individual’s English-name usage is correlated with city-level
educational attainment characteristics. I first regress the city-level percentage of people
holding graduate or professional degrees on English-name usage and other covariates, and
both OLS and IV models show no significant effect of English-name usage. In addi-
tional, English-name usage is uncorrelated with neither the percentage of the population
with bachelor’s or higher degrees, nor the percentage of the population with high school
diplomas or higher degrees.

Table 8: Educational Attainment

Coefficient of English-name usage

OLS Two-stage-least-squares
1. Graduate/professional degree %  0.012 0.028 0.035 0.033
(0.026) (0.024) (0.024) (0.028)

2. Bachelor’s or higher % 0.068 0.086 0.088 0.092
(0.104) (0.062) (0.064) (0.068)
3. High school or higher % 0.044 0.092 0.091 0.086
(0.033) (0.066) (0.068) (0.065)
School tier FE Yes No Yes No
School FE No No No Yes
Full set of controls Yes No Yes Yes
Observations 3,983 3,983 3,983 3,983

Standard errors are in parentheses. *: p < .1; **: p < .05; ***: p < .01.

The final table for main results focuses on the relationship between English-name usage
and city characteristics related to connections with China. Intuitively, an immigrant with a
limited level of assimilation might be more willing to work and reside in cities more closely
connected with his home country. Are Chinese advanced degree holders with English-name
usage thus more comfortable to choose destination cities with lower levels of connection
with China? In Table 9 I regress four connection variables on English-name usage and other
covariates. In Row 1 all of three IV models show that all else being equal, an individual
without English-name usage will choose the destination city with more direct flights to
China. Similarly, an individual without English-name usage is more likely to work in a
city where there is the embassy or consulate general of China. These two characteristics

describe the “official” connection with China. However, English-name usage appears to
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be uncorrelated with whether the city has Chinatowns. Also, English-name usage does not
affect the choice of the destination city with respect to the time zone difference from China
— which is actually not surprising, as both the East Coast and the West Coast are popular

destinations of immigrants, including those from China.

Table 9: Connection with China

Coefficient of English-name usage
OLS Two-stage-least-squares
1. Direct flights to China # —0.022 —0.029* —0.031** —0.030**
(0.016)  (0.015) (0.015) (0.015)

2. Consulate/embassy —0.006 —-0.011* —0.010* —0.013*
(0.004)  (0.006) (0.006) (0.007)
3. Chinatown 0.063 0.096 0.088 0.086
(0.043)  (0.077) (0.074) (0.073)
4. Time zone difference —0.302 0.128 0.144 0.138
(0.609)  (0.438) (0.427) (0.421)
School tier FE Yes No Yes No
School FE No No No Yes
Full set of controls Yes No Yes Yes
Observations 3,983 3,983 3,983 3,983

Standard errors are in parentheses. *: p < .1; **: p < .05; ***: p < .01.

In general, all else being equal, a Chinese advanced degree holder in the U.S. with
English-name usage is more likely to stay in the U.S. to work, and conditional on staying
in the U.S., English-name usage is positively correlated with the population density of
the city, and negatively correlated with the level of connection with China. OLS models
generally yield downward biased results, and among IV models, the difference between
using school tier fixed effects plus other school variables and directly using school fixed
effects is numerically small. On the other hand, I find no significant relationship between

English-name usage and the city-level racial and educational attainment characteristics.

4.2 Robustness Checks

in progress.
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5 Conclusion

in progress.

Appendix A: Chinese Characters and the Pronunciation Dif-
ficulty

The natural experiment on English-name usage relies on the classification of Chinese
names by the pronunciation difficulty. I now discuss the criteria of identification. Iden-
tifying the pronunciation difficulty is based on the fact that the pinyin system, which Ro-
manizes Chinese characters, cannot precisely reflect pronunciation rules of Chinese due to
phonological differences between Chinese and Western languages (Bassetti, 2007).

There are mainly three categories of Chinese names with pinyin characters that are pro-
nounced in substantially different ways in Chinese and English, so that mispronunciations
by native speakers of English might occur. The first category of difficult-to-pronounce Chi-
nese names involves the ambiguity of the velar nasal versus the alveolar nasal in Chinese
(see, e.g., Zee, 1985; Lee and Zee, 2003). This category contains all Chinese names with
syllables -ang and -eng®.

The second category of difficult-to-pronounce Chinese names is related to syllables that
are widely seen in both Chinese and English and do not seem ambiguous, but have different
pronunciation rules in two languages. This category contains Chinese names with -he, -hi,
-si, -ue, and -yu. For example, shi and yu are commonly pronounced as she and you in
English, which are distinct from the pronunciation rules in Chinese.

The last category of difficult-to-pronounce Chinese names is somewhat different from

the first two categories: here the difficulty of pronouncing Chinese names in this category is

8For example, tang is usually pronounced as fan by native speakers of English, but the pronunciation of
tang in Chinese and tan in English are different. However, I do not include any case of -ing (which is usually
pronounced as -in by English speakers) because -ing and -in sound fairly similar in two languages.
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due to the uniqueness of Chinese characters. I especially focus on Chinese names with letter
x-, which causes problems of mispronunciation by native speakers of English. For example,
xu is usually pronounced as ksu or zu in English, but both of them sound substantially
different from the pronunciation of xu in Chinese.

I admit that the way to identify the pronunciation difficulty is fairly simple and coarse.
The pronunciation difficulty variable is constructed as a dummy variable, although it is
reasonable to believe that even among difficult-to-pronounce names, there might be var-
ious degrees of pronunciation difficulties. However, it is difficult to quantitatively build
the precise classification of different degrees of the pronunciation difficulty. Moreover,
technically, the way to identify difficult-to-pronounce Chinese names in this paper ensures
the validity of the empirical strategy if it creates a pronunciation difficulty variable such
that this variable is (a) closely correlated with English-name usage and (b) uncorrelated
with individual characteristics, and thus affects the outcome — homophily in friendships
— only through English-name usage. In other words, if the above two conditions hold, the
estimated effect of English-name usage is still unbiased even if this exogenous predictor of

English-name usage is constructed in a coarse manner.

Appendix B: Comparison between the Sample and ACS

in progress.

Appendix C: School Tiers

The data set retrieved from Renren and LinkedIn allows me to control for school informa-
tion. The simplest way is to use college and graduate school fixed effects. School fixed
effects also control for geographic information. As introduced earlier, an alternative way
is to partition schools into tiers by rankings, which controls for schools in a coarse manner

and reduces the number of variables. For Chinese colleges, tier 1 colleges include members

21



of the C9 League’; tier 2 colleges include universities sponsored by “Project 985”1 but are
not members of the C9 League; tier 3 colleges include all other schools. For U.S. graduate
schools, tier 1 schools include universities that are in top 10 of the US News Best Global
University Rankings, plus all other Ivy League schools'!; tier 2 schools include all other
members of the Association of American Universities (AAU); tier 3 schools include all
other U.S. universities in the data set. In Section 3, I have already shown that about 20% of
all individuals come from tier 1 Chinese colleges (i.e., the C9 League), and 27% are from
ctier 2 colleges. 14% of all individuals attend tier 1 U.S. graduate schools and around 50%

of all individuals attend tier 2 U.S. schools.
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